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ABSTRAKT:
Představujeme prototyp on-line nástroje PONK, který posuzuje srozumitelnost českých právních 
a úředních textů. Je inspirován podobnými nástroji pro jiné jazyky, zejména polským Jasnopisem. 
S PONKem můžou právníci a úředníci měřit srozumitelnost svých dokumentů pomocí klasických 
měr přizpůsobených češtině, detekovat potenciálně problematické pasáže pomocí lingvistických 
pravidel hlídajících gramatiku a slovní zásobu a také průběžně sledovat informační hustotu svého 
textu měřenou jako předvídatelnost následujícího slova.

KLÍČOVÁ SLOVA:
měření srozumitelnosti, přístupný právní jazyk, software, korpusová lingvistika, stylometrie, zpra-
cování přirozeného jazyka, aplikovaný výzkum

ABSTRACT:
This paper presents the prototype of PONK: an on-line readability assessment tool for Czech legal 
and administrative texts. It draws inspiration from similar tools for other languages — particularly 
the Polish Jasnopis. It helps lawyers and clerks proofread their texts from three perspectives: classic 
readability metrics adapted to Czech; hand-crafted linguistic rules for detecting potentially proble-
matic passages; and lexical surprisal (text predictability). 
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INTRODUCTION

Democratic societies are obliged to ensure that citizens understand their rights and 
obligations, and that they have access to information for public deliberation. In addi-
tion to accessibility, the fundamental right of access to law and justice also includes 

1	 This work was supported by the Agency of Technology of the Czech Republic with grant 
No. TQ01000526 (9/2023–12/2025). It has been using data, tools, and services provided 
by the LINDAT/CLARIAH-CZ Research Infrastructure (https://lindat.cz), supported by the 
Ministry of Education, Youth and Sports of the Czech Republic (Project No. LM2023062).
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the comprehensibility of laws. A comprehensible and accessible legal system in-
creases the transparency of public authority and citizens’ trust in the state. The ad-
ministration is aware of the issue and seeks quality-management of their documents 
and trustworthy guidance for their staff.

In this context, we present PONK, a software tool for readability assessment of 
legal and administrative texts. The name stands for Psaní Orientované Na Klienta 
(Client-oriented writing). At the same time, ponk is the Czech expression for work-
bench, and PONK indeed is a software workbench that will analyze your uploaded 
(clerical) text for diverse aspects of readability and highlight passages that may re-
quire attention.

PONK has arisen from an applied-research project supported by the Technol-
ogy Agency of the Czech Republic. Now in its final year, it has evolved into a freely 
available prototype for public testing.2 We will continue its development and the as-
sociated research beyond the duration of this research grant. This paper highlights 
PONK’s current functionalities and briefly explains their theoretical foundations.

MOTIVATION

The legal code should be readable. Readability (clarity, accessibility, comprehensi-
bility) is a text feature that affects how easy a text is to understand for the intended 
reader. From the linguistic point of view, it is a stylistic issue, encompassing gram-
mar and lexical choices. At the same time, readability is often approached from in-
dividual professional domains, for instance law. For lawyers, stylistics is important, 
but only as one inseparable aspect of a much more complex matter. Legal discourse 
concentrates on conceptual clarity, precision, unambiguity, and logical coherence as 
a principle (Smejkalová 2013, 470), especially regarding law-making. 

Unlike legal and administrative professionals, common citizens hardly interact 
with laws in their raw form. More often, they meet law through an administrative 
interface. It is the administration that applies general laws to individual cases in the 
everyday civil agenda. Hence, the texts it produces ought to provide complete (but 
only relevant) information and explicitly inform the recipient about their rights and 
obligations in the given case. 

Many countries, especially the English-speaking and Nordic ones, have a tradition 
of plain legal writing, sometimes even anchored in the law (Språklova 2021; Plain 
Writing Act of 2010; Språklag 2009). The Czech government requires clear language 
in legal bills (Úřad vlády České republiky 2025) and has committed to implementing 
clear communication between the administration and the public until 2030 (Mlsna 
and Sláma 2019). 

Language practitioners in both legal and pedagogical domains actively promote 
and teach plain, client-oriented writing within their professional communities. In 
the Czech context, this has led to the development of several reference works tailored 
specifically to local audiences (Behún and Behún 2023; Šamánková and Kubíková 

2	 https://quest.ms.mff.cuni.cz/ponk/
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2022; Slejšková 2013; Šváb 2021; Vučka 2019). Garner’s Plain Legal Writing (2021) — 
a seminal text widely recognized across legal systems for its influence on plain lan-
guage practices — has notably been adapted with considerable care to the Czech le-
gal and linguistic environment, extending its applicability well beyond its original 
Anglo-American framework (Garner 2021).

With both the bottom-up and top-down efforts to improve communication be-
tween the administration and the citizenry, there is a natural demand for an auto-
matic writing aid that could assess the quality of legal and administrative documents.

READABILITY ASSESSMENT TOOLS IN OTHER LANGUAGES

Readability assessment has a long tradition, particularly in the United States. Since 
the late nineteenth century, it was typically used to group students into grades ac-
cording to their reading ability and for literacy testing in the military. Graded reader-
groups needed graded texts matching their literacy levels, which sparked a demand 
for automatic text scoring. 

Media houses also learned to use text grading to tailor the writing styles of indi-
vidual titles for their audiences to raise their subscription rates. The most famous 
researchers from this era, Rudolf Flesch and Robert Gunning, studied the reading 
habits of press subscribers for their employers and produced readability metrics for 
English that are still in use (Flesch 1948; Flesch 1974; Gunning 1952): the Flesch Reading 
Ease and the Gunning Fog Index. DuBay (2007) gives a stunning overview of the history 
of readability studies until the 1980s. Some classic formulas for English have been 
adapted to other languages, including Czech (Bendová and Cinková 2021). 

Most classic readability formulas characterize a text with a single score, typically 
based on average word and sentence-length, sometimes considering the overlap 
with a reference vocabulary of easy or difficult words, or the similarity with texts 
from a reference corpus. Coh-Metrix (McNamara et al. 2014) gives a more nuanced 
view on the text by implementing numerous rules to extract and count relevant 
structures in English texts. Many similar systems have arisen for other languages, 
for instance Jasnopis in Polish (Dębowski et al. 2015), see Figure 1.3 

The text analysis based on hand-crafted linguistic rules (e.g., counting distances 
between verbs) uses Natural Language Processing (NLP) tools, such as morpho-syn-
tactic parsers and named-entity recognizers. A parser recognizes individual words 
and sentences. It describes each word with its morphological categories (e.g., noun, 
singular, feminine, genitive). Many parsers also add lemmas (base dictionary forms) 
to words. The parser also performs the syntactic analysis of each sentence, providing 
each word with a syntactic label (e.g., subject, predicate, adverbial) and a reference 
to its syntactically governing word (e.g., in yellow flower, yellow is an adjective and 
the attribute of the noun flower). A named-entity recognizer finds mentions of enti-
ties — typically personal names, geographic names, times, and names of organiza-
tions — and marks them as such. A rule using the output of the syntactic parser may, 

3	 https://jasnopis.pl/
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for instance, find the subject of a clause, record whether it precedes or follows the 
finite predicate, and calculate the distance. A rule checking the overuse of passive 
voice may look for passive verbs syntactically modified by a person name in the posi-
tion of a logical subject (e.g., the window was broken by John).

Neither the rules, nor the automatic morphosyntactic analysis, nor the named-
entity recognition work error-free. Academic tools report their performance as 
a combination of precision (proportion of correct hits in all instances detected) and 
recall (proportion of detected correct instances in all correct instances), since they 
can miss instances (this decreases recall), as well as catch incorrect instances (this 
decreases precision). 

Recently, large language models (LLMs) revolutionized Natural Language Process-
ing with their text-generating abilities. The newest readability assessment tools offer 
automatic rephrasing or texts being completely rewritten by “AI” to match a given 
reading difficulty or a specific tonality.4 However, large language models have prob-
lems with hallucinations and omissions. Moreover, their results are not reproduc-
ible. Even with the same software, same prompt, and same parameters (i.e. tempera-
ture — the level of creativity), each attempt gives a different result. This is a severe 
problem in legal texts, where every word can matter. With each version you generate, 

4	 Some examples: https://www.textmetrics.com/; Jasnopis in a new text-generation regime; 
https://summ-ai.com/en/.

Figure 1. Proofreading with the Polish Jasnopis
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you would have to check whether the system kept all information and preserved the 
legacy. With long and complex documents, this can be more time-consuming and 
error-prone than manual revision. 

It is hard to evaluate the performance of a tool on such a complex task, especially 
when the input texts are not restricted to a particular domain. We are unaware of any 
system that would report its performance in this respect. 

Another problem is security. When you process sensitive information, you must 
not show it to a third party — which is exactly what you are going to do when you 
use software that relies on ChatGPT or similar commercial products.5 Unless you run 
a large language model on your own server, you have no control over where and for 
how long your data is stored and possibly used to train the next model. Data that is 
used for training a large language model can leak at random.

A trustworthy writing aid therefore ought to be explicitly committed to protecting 
your data and not rely on external services. For instance, the Grammarly software 
program for English, developed by computational linguists and having a long history 
from times before the onset of large language models, promises to keep user-data 
clear of third-party software.6 

THE PHILOSOPHY AND ARCHITECTURE OF PONK

We know that lawyers and clerks produce texts with sensitive information. There-
fore, we designed PONK to never save input-text outside the user’s computer. 

You can enter your text into PONK from your web browser7 or programmatically 
through a REST API.8 First, the input text enters modules of morphosyntactic pars-
ing and named-entity recognition. The modules call the services UDPipe (Straka and 
Straková 2022) and NameTag3 (Straková 2024). Both tools have been developed in our 
department. They run as public services on our servers thanks to the large research 
infrastructure LINDAT/CLARIAH-CZ. They also respect the strict anonymity of texts 
processed by PONK. 

These modules enrich the input text with linguistic markup. This annotated text 
flows into the next module, which analyzes its readability with the classic ARI read-
ability metric (Senter and Smith 1967) adapted to Czech by Bendová (2021), along with 
other established stylometric characteristics, such as the average distance between 
verbs, the ratio of verbs to adverbs and adjectives, and the lexical richness (imple-
mented as the moving average ratio of unique words to all words within a window of 
100 words, cf. [Cvrček et al. 2020]). Figure 2 shows the analysis of global characteris-
tics of an input text in PONK’s user interface.9 

5	 https://chatgpt.com/
6	 https://www.grammarly.com/blog/engineering/grammarly-nlp-building-future-commu-

nication/
7	 https://quest.ms.mff.cuni.cz/ponk/
8	 https://quest.ms.mff.cuni.cz/ponk/api/
9	 https://quest.ms.mff.cuni.cz/ponk/
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The same module also runs eighteen rules to analyze relevant grammar phenomena 
(e.g., passive voice or multiple negation), syntactic complexity (distances between se-
lected clause elements and sentence lengths), and to detect words or phrases that are 
typically overrepresented in formal texts (Figure 3). The Rules tab lists all rules that 
were triggered by the text. You can disable or enable their view in the text. When you 
hover the mouse over a passage that has triggered a rule, you will see the rule name in 
the tooltip, and the words within the relevant passage will appear in frames (Figure 4).

The third module is called Lexical Surprisal. This module computes the so-called 
lexical surprisal for each word in the text and visualizes it as a heatmap: the warmer 
the color, the higher the lexical surprisal (Figure 5). Lexical surprisal reflects how 
predictable each word is, given the preceding context. For instance, day will be less 
surprising than month in “Have a good . . . .” The more surprising a word is in the given 

Figure 2. Global characteristics of a text in PONK

Figure 3. Style-checking rules in PONK
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context, the more cognitive effort it takes to process. Neurolinguists have experimen-
tally proven that listeners reflect lexical surprisal and that they use it to figure out the 
syntactic structure of sentences (Slaats et al. 2024). Earlier experiments also showed 
that lexical surprisal affects reading time (Rathi 2021). 

Increasing reading time means increasing the cognitive load and stretching the cog-
nitive capacity of the reader. When the text contains too many surprising words, the 
cognitive load exceeds a reader’s cognitive capacity, and a piece of information goes 
missing in the total message. When too many important pieces of information get lost 
without recovery in later context, the message becomes useless. On the other hand, 
when the text is entirely predictable and the reader cannot seem to find any new infor-
mation, they will not pay enough attention, failing to receive the message all the same. 

A classic study by Streufert and Driver (1965, 249–50) showed that “differentiation 
and integration in perception increases with increasing information load until a cri-
terion of optimal perception is reached. Beyond this optimal point, differentiation 
and integration in perception decreases with further increasing information load.” 

In a readable document, the reader keeps finding enough new information, at 
a reasonable cognitive cost, to stay tuned. The lexical surprisal statistics in PONK are 
not yet immediately interpretable in this way. This module represents a first step to-
wards more sophisticated modeling. In the next section, we present psycholinguistic 
concepts associated with lexical surprisal. 

Figure 4. Highlighted rule-match with description in the tooltip

Figure 5. Lexical surprisal in PONK
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DISCUSSION

The three modules of PONK are at various stages of completion. We preliminarily 
consider the Measures and the Rules modules done, save for tweaks. The associated 
research and the details of their selection and implementation are described in Kraus 
(2025). 

The implementation details of the Lexical Surprisal module are described in 
Černý 2025. Now we are exploring its potential for readability assessment in our 
setup. The original idea of lexical surprisal draws on Shannon surprisal and Shannon 
entropy (Shannon 1948). Both these concepts are based on the frequencies of words 
in the given message, whereas we use external resources much larger than that. This 
is because we need to approximate the mental lexicon of a Czech reader, which is 
obviously richer than one single legal text. Suitable resources are the Czech National 
Corpus (Cvrček 2016) or diverse statistical language models of Czech, e.g., Lehečka 
and Švec 2021; Straka et al. 2021, or an open-source large multilingual model selected 
from those currently available. 

The first language model implemented in the lexical surprisal module is GPT-2 
(Radford et al. 2019). Its findings run counter to our expectations: we expected that 
poorly readable texts (assessed as such by lawyers) would turn out unpredictable, but 
we were wrong. It almost seems the other way round. We suspect that GPT-2 has read 
enough legalese gibberish to consider it regular Czech, which means that it is too pro-
ficient in it to mimic an average Czech reader. We need to experiment further to find 
out whether the results based on GPT-2 have a sensible interpretation or whether 
we need a smaller reference corpus with limited representation of clerical texts to 
provide a more realistic approximation of the target reader.

Another avenue of research would be using the lexical surprisal values as input in 
other statistics, for instance the entropy of each sentence. According to classic stud-
ies (Fenk and Fenk-Oczlon 1980; Frank and Jaeger 2008), efficient communication 
keeps the cognitive load constant, implying that segments of texts should maintain 
similar entropy. Can it be that sentence or paragraph entropy values are distributed 
differently in well readable texts from the poorly readable ones?

For such a linguistic exploration, we have created the KUK 1.0 (Hladká et al. 2024) 
and KUKY 1.0 corpora (Cinková et al. 2024). KUK 1.0 is a corpus of 6,275 legal and ad-
ministrative texts of more than nineteen million words. All texts have automatic 
morphosyntactic and named-entity annotation. The texts come from the following 
sources:

—	 Public materials of the Frank Bold Society10 
—	 Statements of  the Public Defender of  Rights (ESO  — Evidence stanovisek 

ombudsmana)11

—	 Informational flyers by the Public Defender of Rights 
—	 KUKY 1.0 texts collected from various sources 

10	 https://frankbold.org/poradna
11	 https://www.ochrance.cz/eso/
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—	 meta data for two external corpora: 
■	 Czech Court Decisions Corpus (CzCDC 1.0) (Novotná and Harašta 2019) 
■	 Corpus of Paraphrased Czech Administrative Texts with Reading Comprehen-

sion for Readability Studies (LiFR-Law) (Cinková et al. 2023) .

Each document in this corpus has extensive metadata, including a genre classifi-
cation along several axes, designed by legal experts. The basic classification distin-
guishes normative texts (e.g., laws) from argumentative ones (e.g., court decisions). 
Another important distinction is bindingness (e.g., a court decision or a law are bind-
ing, but an informational flyer or a legal-advice memo are not). The metadata also 
characterize the authors as well as the recipients in terms of being or appointing le-
gal practitioners, being in the position of an authority, or knowing the context (e.g., 
participants in a court process vs. higher courts, a supervisory organ, or the public). 
The metadata also contain a qualified guess about “clarity pursuit”: some institutions 
are known to have a consistent clarity management policy. We assume readability 
ambitions in all documents from such institutions, without assessing the results in 
individual cases. 

The other corpus, KUKY 1.0, consists of almost 250 legal texts manually annotated 
with rhetorical roles and rated for readability by legal experts. We built this corpus 
to model information relevance and rhetorical structure.

Both corpora will allow us to train and evaluate statistical models. Currently, we 
are working on a pipeline to combine diverse features derived from the lexical sur-
prisal or entropy, experiment with lexical surprisal from various sources, and deter-
mine the most helpful ones to identify problematic text.

CONCLUSION

Facing the end of the project, we have accomplished a benchmark application that is 
based on solid and controllable rule-based checks, as well as on established stochastic 
techniques. We are ready to explore some brand-new approaches without defaulting 
to prompt engineering alone.
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